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Apriori (1-itemset)

k k- (candidate
(minimum supports) k-itemset) Ck
Cx
Ci ( )
k- (large k-itemset) Ly
Cr
Ly Ly
Crr1
L+
Cer1 L+
Apriori
1. Apriori
Agrawal etal. 1974
Apriori
Database D
Aprl ori TID Items
100 ACD
200 BCE
(@) 300 ABCE
400 BE
2 1
@ @ c,
Itemset | Sup
1 {A} 2
@D (8) 3 Scan D
{C} 3
) {D} 1
{E} 3
Apriori ( )

D)
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C L,

Itemset | Sup Itemset | Sup
{A} 2 {A} 2
{B} 3 {B} 3
{C} 3 —> {C} 3
{D} 1 {E} 3
{E} 3

G

Itemset | Sup

{AB} 1

{AC} 2 Scan D

{AE} 1 - >

{BC} 2

{BE} 3

{CE} 2

C, L,

Itemset | Sup Itemset | Sup

{AB} 1 {AC} 2

{AC} 2 {BC} 2

{AE} 1 —» | {BE} 3

{BC} 2 {CE} 2

{BE} 3

{CE} 2

C;

Itemset | Sup Scan D

{BCE} | 2 —»

C3 L3

Itemset | Sup _» Itemset | Sup

{BCE} 2 {BCE} 2
Apriori ()

2. Multidimensional Update Mining (MUM)

Apriori

13

1-ltemset  2-ltemsets ... n- ltemsets

(temp table)
temp table
(base table)

(count)

count

base table
base table
/0 CPU
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stepl

step2 1-Itemset
2-ltemsets ... n-ltemsets (Itemsets)
cube
step3 count 1
1-ltemset
stepd support 1-ltemset Table
minimum support 2-ltemset 2-ltemset
a base table Table
b. temp table
step5
Stepl
MUM
CPU /10
MUM
3-ltemsets  [Supports
2-ltemsets | Supports
1-ltemset  |Support
MUM

3-ltemsets  Table

2-ltemsets  Table

Incremental database HltemeaTabe
TID Items
100 ACD
200 BCE
300 ABCE
400 ABE
500 ABE
600 ACD
700 BCDE
800 BCE
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MUM

3-ltemsets  |Supports
2-Itemsets | Supports
1-Itemset  [Support
3-ltemsets  Table
2-ltemsets  Table
1-ltemset Table
1) Itemstes minimum
support 1-ltemset 4-|temsets
minimum support 50,20,10,5

2

Support

minimum support
temp table
MUM

1-itemset

1-ItemSet
Pass A B C D E

1 ACD [1/100 |/ 1/100 |1/100 |/

BCE |1/50 (1/50 (2/100 |1/50 (1/50

ABCE|2/66.6(2/66.6|3/100 (1/33.3|2/66.6

ABE |(3/75 |(3/75 |3/75 3/75

ABE (4/80 (4/80 |3/60 4/80

ACD |5/83.3(4/66.6|4/66.6 4/66.6

BCDE|5/71.4|5/71.4(5/71.4 5/71.4

0 N o g b~ wDN

BCE [5/62.5|6/75 |[6/75 6/75

minimum support = 50%

{D}
pass3 50%  minimum
support temp table

pass count
temp table {D}
minimum support 50%

base table

temp table

pass Items Support

3 D 333

6 D 333




7 D 42.8
8 D 375
pass3 {D}
base table
{D} support
support
50%
{D} base table
2-Itemset 3-ltemset ... n-ltemsets
2-ltemsat
2-ltemsat
pass AB |AC |AD |AE [BC [BD |BE |CD |CE [DE
1 ACD 1 |1 1
2 BCE 1 1 1
3 ABCE |1 |2
4 ABE 2
5 ABE 3
6 [ACD 2 |2 2
7 BCDE 2 (1 (4 (3 |2 |1
8 |BCE 3 3
minimum support = 20%
3-ltemsat
3-ltemsat
pass ABC|ACD|ABD |ABE [BCD |BCE |CDE
1 ACD 1
2 BCE 1
3 ABCE |1 1 2
4 ABE 2
5 ABE 3
6 ACD 2
7 BCDE 1 3 1

e e | I [ [ | P T |

minimum support = 10%

4-[temset

4-ltemset
ABCD [ABCE |ABDE [ACDE [BCDE

pass1 [ACD
pass2 |BCE
pass3 [ABCE 1
pass4 |[ABE
pass5 [ABE
pass6 [ACD
pass7 (BCDE 1
pass8 |BCE

minimum support = 5%

2. MUM

MUM
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MUM
0 (N+m)
MUM
MUM
N M1 M2 M3
>
>
MUM

N M1 M2 M3
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